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Chapter 1

Introduction

Gene Association in Pattern Sets (GAPS) infers underlying patterns in a matrix of measurements that can
be interpreted as arising from the multiplication of two lower dimensional matrices. The first development of
this code in R/Biocondcutor was focused on gene expression analysis, however the original concept was used
in spectral imaging. The approach is a general form of matrix factorization using a stochastic algorithm. In
this vignette, we will focus on gene expression analysis for concreteness, but the factorization is applicable
more broadly.

The Markov chain Monte Carlo (MCMC) matrix factorization that infers patterns also infers the extent
to which individual genes belong to these patterns. The CoGAPS algorithm extends GAPS to infer the
coordinated activity in sets of genes for each of the inferred patterns based upon (5) and to refine gene set
membership based upon (2).

The GAPS algorithm is implemented in C++ and compiled and integrated into R using the Rcpp package.
GAPS is licensed under the GNU General Public License version 2. You may freely modify and redistribute
GAPS under certain conditions that are described in the top level source directory file COPYING.

The R package CoGAPS is designed to facilitate the corresponding analysis of microarray measurements
by calling the GAPS C++ library. With the migration to C++ code, the installation as noted in Chapter 2
should now be automatic. Running instructions for the GAPS and CoGAPS analyses are provided in Sections
3.1 and 3.2, respectively. CoGAPS and GAPS are freely available at https://github.com/ejfertig/CoGAPS
and through the CoGAPS Bioconductor package.

If you use the CoGAPS package for your analysis please cite: (1) EJ Fertig, J Ding, AV Favorov, G
Parmigiani, and MF Ochs (2010) CoGAPS: an R/C++ package to identify patterns and biological process
activity in transcriptomic data. Bioinformatics 26: 2792-2793.

To cite the CoGAPS algorithm use: (3) MF Ochs (2003) Bayesian Decomposition in The Analysis of
Gene Expression Data: Methods and Software G Parmigiani, E Garrett, R Irizarry, and S Zeger, ed. New
York: Springer Verlag.

To cite the gene set statistic use: (5) MF Ochs, L Rink, C Tarn, S Mburu, T Taguchi, B Eisenberg, and
AK Godwin (2009) Detection of treatment-induced changes in signaling pathways in gastrointestinal stromal
tumors using transcriptomic data. Cancer Research 69: 9125-9132.

To site the set-membership refinement statistic use: (2) EJ Fertig, AV Favorov, and MF Ochs (2012)
Identifying context-specific transcription factor targets from prior knowledge and gene expression data. 2012
IEEE International Conference on Bioinformatics and Biomedicine, B310, in press.

Please contact Elana J. Fertig ejfertig@jhmi.edu or Michael F. Ochs ochsm@tcnj.edu for assistance.
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Chapter 2

Installation Instructions

The GAPS and CoGAPS algorithms are implemented in an open source C++ software and an R pack-
age to facilitate analysis, visualization, and integration with other R tools (CoGAPS, available through
Bioconductor).

With this version of CoGAPS, installation should be automatically completed through Bioconductor
package installation:

source("http://www.bioconductor.org/biocLite.R")

biocLite("CoGAPS")

The C++ software will be automatically compiled, linking to required boost libraries distributed as
part of the CRAN BH package (http://cran.r-project.org/web/packages/BH/index.html) and Rcpp
(http://cran.r-project.org/web/packages/Rcpp/index.html).
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Chapter 3

Executing CoGAPS

In this chapter, we describe how to run both the GAPS and CoGAPS algorithms.

3.1 GAPS

GAPS seeks a pattern matrix (P) and the corresponding distribution matrix of weights (A) whose product
forms a mock data matrix (M) that represents the expression data D within noise limits (ε). That is,

D = M + ε = AP + ε. (3.1)

The number of rows in P (columns in A) defines the number of biological patterns that GAPS will infer from
the measured microarray data or equivalently the number of nonorthogonal basis vectors required to span the
data space. As in the Bayesian Decomposition algorithm (4), the matrices A and P in GAPS are assumed
to have the atomic prior described in (6). In the GAPS implementation, αA and αP are corresponding
parameters for the expected number of atoms which map to each matrix element in A and P, respectively.
The corresponding matrices A and P are found by MCMC sampling.

3.1.1 Methods

The GAPS algorithm is run by calling the gapsRun function in the CoGAPS R package as follows:

> results <- gapsRun(data, unc, nFactor = "5", simulation_id = "simulation",

nEquil = "1000", nSample = "1000", nOutR = 1000,

output_atomic = "FALSE",

alphaA = "0.01", nMaxA = "100000",

max_gibbmass_paraA = "100.0",

lambdaA_scale_factor = "1.0",

alphaP = "0.01", nMaxP = "100000",

max_gibbmass_paraP = "100.0",

lambdaP_scale_factor = "1.0")

Input Arguments The inputs that must be set each time are only the data and standard deviation matrices,
with all other inputs having default values. However, in reality it is essential to set at least nFactor, nEquil,
and nSample based on the expected dimensionality of the data and the number of iterations needed to
explore the posterior distribution. The arguments are as follows:

data The matrix of m genes by n samples of expression data. The input should be a matrix object and row
names and column names will be retained in the output matrices as appropriate.
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unc The matrix of m genes by n samples of standard deviations for the expression data. The values will be
used in estimating the Likelihood, presently under an assumption of normal error distribution.

nFactor Number of patterns into which the data will be decomposed. The value must be less than the
number of genes and number of samples in the data to avoid instability from an ill-posed problem.

simulation id The base name to attach to files with atoms if created.

nEquil The number of iterations for “burning in” the sampler before beginning to gather samples for the
statistics. The equilibration is done using a simulated annealing approach that slowly lowers the
“temperature” to more thoroughly explore the posterior distribution prior to sampling.

nSample The number of iterations for sampling. Each iteration refers to a number of proposals chosen
from a Poisson distribution with mean equal to the present number of atoms.

nOutR The number of iterations between reporting the present status of the sampler back to R.

output atomic This determines whether to write atom files to disk (large).

alphaA A sparsity parameter reflecting the expected number of atoms per element of the amplitude A
matrix in the decomposition. To enforce sparsity, this parameter should typically be less than one.
(optional; default=0.01)

alphaP A sparsity parameter reflecting the expected number of atoms per element of the pattern matrix
in the decomposition. To enforce sparsity, this parameter should typically be less than one. (optional;
default=0.01)

max gibbmass paraA This provides an upper limit on the size of the truncated normal used during Gibbs
sampling steps on the A domain. This avoids the creation of an unusually large mass during sampling
when the sampler is in the tail of the truncated normal.

max gibbmass paraP This is the corresponding limit for the P domain.

nMaxA This will set a maximum number of atoms in the A domain, however it is not yet implemented in
this version.

nMaxP This will set a maximum number of atoms in the P domain, however it is not yet implemented in
this version.

lambdaA scale factor This is the lambda factor for the penalized likelihood in A.

lambdaP scale factor This is the lambda factor for the penalized likelihood in P.

The algorithm returns in the results a list with

Amean A matrix with the sampled mean value for the amplitude matrix A.

Asd A matrix with the sampled standard deviation for the amplitude matrix A.

Pmean A matrix with the sampled mean value for the pattern matrix P.

Psd A matrix with the sampled standard deviation for the pattern matrix P.

atomsAEquil A vector with the number of atoms in the A domain throughout the equilibration steps.

atomsASamp A vector with the number of atoms in the A domain throughout the sampling steps.

atomsPEquil A vector with the number of atoms in the P domain throughout the equilibration steps.

atomsPSamp A vector with the number of atoms in the P domain throughout the sampling steps.
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chiSqValues A vector with the sample chi-squared values throughput sampling.

meanChi2 χ2 value of the final mean result, i.e. χ2 = frac(D −AP )2σ2.

Once the GAPS algorithm has been run, the inferred patterns and corresponding amplitude can be
displayed using the plotGAPS function as follows:

> plotGAPS(Amean, Pmean, outputPDF="")

where setting outputPDF to a string will redirect output to a PDF file from the screen. The command

> plotP(Pmean,Psd)

will create a plot of just the rows of the mathbfP matrix with standard errors, which is equivalent to plotting
the basis vectors for the matrix factorization.
Input Arguments

Amean The amplitude matrix Amean obtained from GAPS.

Pmean The pattern matrix Pmean obtained from GAPS.

outputPDF Name of an pdf file to which the results will be output. (Optional; default=”” will output
plots to the screen.)

Psd The standard deviation of the mean for Pmean.

Side Effects

� Save the plots of Amean and Pmean to the pdf file outputPDF.

3.1.2 Example: Simple Simulation

In this example, we have simulated data in SimpSim (SimpSim.D) with three known patterns (SimpSim.P)
and corresponding amplitude (SimpSim.A) with specified activity in two gene sets (GSets). In this data set,
each gene set is overexpressed in one the simulated patterns and underexpressed in one.

> library('CoGAPS')

> data('SimpSim')

> nIter <- 5000

> results <- gapsRun(SimpSim.D, SimpSim.S, nFactor=3,

+ nEquil=nIter, nSample=nIter)

Equil:1000 of 5000, Atoms:76(62) Chi2 = 1747.51

Equil:2000 of 5000, Atoms:77(70) Chi2 = 1546.06

Equil:3000 of 5000, Atoms:73(71) Chi2 = 1501.33

Equil:4000 of 5000, Atoms:81(73) Chi2 = 1472.09

Equil:5000 of 5000, Atoms:77(72) Chi2 = 1435.69

Samp: 1000 of 5000, Atoms:67(75) Chi2 = 1530.54

Samp: 2000 of 5000, Atoms:78(80) Chi2 = 1489.09

Samp: 3000 of 5000, Atoms:73(77) Chi2 = 1514.62

Samp: 4000 of 5000, Atoms:78(82) Chi2 = 1502.21

Samp: 5000 of 5000, Atoms:65(75) Chi2 = 1499.92

*** Check value of final chi2: 1499.92 ****

[1] "Chi-Squared of Mean: 1384.9838911136"

> plotGAPS(results$Amean, results$Pmean, 'ModSimFigs')
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Figure 3.1: Results from GAPS on simulated data set with known true patterns.

null device

1

Figure 3.1 shows the results from plotting the GAPS estimates of A and P using plotGAPS, which has a
fit to D of χ2 = 1384.9838911136. Figure 3.2 displays the true patterns used to create the SimpSim data,
stored in SimpSim.P.

Figure 3.4 shows the results from running CoGAPS on the SimpSim data.

3.2 CoGAPS

CoGAPS infers coordinated activity in gene sets active in each row of the pattern matrix P found by GAPS
in a single step, by running both GAPS and then performing the statistical analysis of calcCoGAPSStat.
Specifically, CoGAPS computes a Z-score based statistic on each column of the A matrix developed in (5).
The resulting Z-score for pattern p and gene set i, Gi, with G elements is given by

Zi,p =
1

G

∑
g∈Gi

Agp

Asdgp
(3.2)

where g indexes the genes in the set and Asdgp is the standard deviation of Agp obtained from the MCMC
sampling in GAPS. CoGAPS then uses random sample tests to convert the Z-scores from eq. (3.2) to p
values for each gene set.

3.2.1 Methods

The CoGAPS algorithm is run by calling the CoGAPS function in the CoGAPS R package as follows:

> results <- CoGAPS(data, unc, GStoGenes, nFactor = "5", nEquil=10000,

nSample=10000, nOutR=1000, output_atomic="false",
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Figure 3.2: Known true patterns used to generate SimpSim data.

simulation_id="simulation", plot=TRUE, nPerm=500,

alphaA = "0.01", nMaxA = "100000",

max_gibbmass_paraA = "100.0", lambdaA_scale_factor = "1.0",

alphaP = "0.01", nMaxP = "100000",

max_gibbmass_paraP = "100.0", lambdaP_scale_factor = "1.0")

Input Arguments

. . . Input arguments from GAPS.

GStoGenes List or data frame containing the genes in each gene set. If a list, gene set names are the list
names and corresponding elements are the names of genes contained in each set. If a data frame, gene
set names are in the first column and corresponding gene names are listed in rows beneath each gene
set name.

nPerm Number of permutations used for the null distribution in the gene set statistic. (optional; de-
fault=500).
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plot Use plotGAPS to plot results from the run of GAPS within CoGAPS.

List Items in Function Output

. . . Output list from GAPS except vectors of sample atom numbers and individual χ2 values.

D The input data matrix.

Sigma The input standard deviation matrix.

GSUpreg p-values for upregulation of each gene set in each pattern.

GSDownreg p-values for downregulation of each gene set in each pattern.

GSActEst Conversion of p-values to activity estimates of each gene set in each pattern (see (5) for details
on conversion. Essentially values near 1 indicate high activity for the set and near −1 indicate low
activity.

The CoGAPS algorithm can also be run manually by first running the GAPS algorithm described in
Section 3.1 and then calling the function calcCoGAPSStat as follows:

> calcCoGAPSStat(Amean, Asd, GStoGenes, numPerm=500)

The input arguments for calcCoGAPSStat are as described in the previous sections. This function will output
a list containing GSUpreg, GSDownreg, and GSActEst.

3.2.2 Example: Simulated data

In this example, we have simulated data in SimpSim with three known patterns (SimpSim.P) and corre-
sponding amplitude (SimpSim.A) with specified activity in two gene sets (GSets). In this data set, each gene
set is overexpressed in two of the simulated patterns and underexpressed in one.

> library('CoGAPS')

> data('SimpSim')

> nIter <- 5000

> results <- CoGAPS(data=SimpSim.D, unc=SimpSim.S,

+ GStoGenes=GSets,

+ nFactor=3,

+ nEquil=nIter, nSample=nIter,

+ plot=FALSE)

Equil:1000 of 5000, Atoms:67(59) Chi2 = 1707.47

Equil:2000 of 5000, Atoms:71(61) Chi2 = 1530.1

Equil:3000 of 5000, Atoms:67(68) Chi2 = 1479.02

Equil:4000 of 5000, Atoms:70(70) Chi2 = 1504.66

Equil:5000 of 5000, Atoms:71(77) Chi2 = 1496.91

Samp: 1000 of 5000, Atoms:68(76) Chi2 = 1518.11

Samp: 2000 of 5000, Atoms:60(79) Chi2 = 1488.55

Samp: 3000 of 5000, Atoms:63(77) Chi2 = 1489.03

Samp: 4000 of 5000, Atoms:58(79) Chi2 = 1494.84

Samp: 5000 of 5000, Atoms:65(87) Chi2 = 1473.61

*** Check value of final chi2: 1473.61 ****

[1] "Chi-Squared of Mean: 1397.69977464449"

> plotGAPS(results$Amean, results$Pmean, 'GSFigs')
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Figure 3.3 shows the results from running CoGAPS on the GIST data in (5) with the option plot set to
true.
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Figure 3.3: Results from GAPS on data of simulated gene set data.

Moreover, the gene set activity is provided in results$GSActEst including p-values for upregulation in
results$GSUpreg and downregulation in results$GSDownreg.

3.2.3 Example: GIST Analysis

We also provide the code that repeats the CoGAPS analysis of GIST data (GIST TS 20084) with gene sets
defined by transcription factors (TFGSList), as in the DESIDE analysis of (5). To minimize time in running
the vignette, this is not done live. However, running the code will complete the analysis and require on the
order of an hour on a fast machine.

> library('CoGAPS')

> data('GIST_TS_20084')

> data('TFGSList')

> nIter <- 10000

> results <- CoGAPS(GIST.D, GIST.S, tf2ugFC,

+ nFactor=5,

+ nEquil=nIter, nSample=nIter,

+ plot=FALSE)

> plotGAPS(results$Amean, results$Pmean, 'GISTFigs')

Figure 3.4 shows the results from running CoGAPS on the GIST data in (5) with the option plot set to
true.

Moreover, the gene set activity is provided in results$GSActEst including p-values for upregulation in
results$GSUpreg and downregulation in results$GSDownreg.

10



P
at

t 1

P
at

t 2

P
at

t 3

P
at

t 4

P
at

t 5
Hs.101174Hs.1012Hs.1019Hs.101937Hs.102484Hs.103110Hs.103183Hs.104119Hs.104134Hs.104741Hs.1051Hs.105407Hs.106070Hs.1074Hs.1076Hs.108408Hs.109225Hs.109620Hs.110014Hs.110571Hs.111779Hs.112405Hs.112432Hs.113577Hs.113916Hs.115242Hs.115617Hs.116462Hs.1166Hs.117050Hs.117367Hs.118651Hs.118681Hs.119689Hs.119825Hs.119882Hs.120759Hs.120949Hs.1211Hs.121575Hs.122523Hs.122926Hs.12341Hs.1239Hs.12409Hs.124161Hs.12420Hs.124503Hs.125113Hs.125180Hs.125898Hs.126256Hs.1270Hs.128433Hs.1288Hs.12907Hs.129614Hs.129706Hs.129829Hs.129966Hs.1309Hs.131255Hs.131342Hs.131704Hs.131956Hs.1321Hs.13291Hs.132966Hs.132992Hs.133135Hs.133379Hs.133892Hs.134084Hs.134194Hs.1349Hs.134989Hs.134999Hs.135270Hs.135406Hs.1360Hs.1361Hs.136295Hs.136348Hs.136557Hs.137569Hs.139322Hs.1395Hs.141125Hs.1420Hs.1428Hs.1430Hs.1437Hs.143873Hs.144287Hs.1454Hs.146591Hs.1466Hs.146804Hs.147433Hs.148427Hs.14846Hs.148841Hs.149195Hs.149252Hs.149342Hs.1497Hs.149894Hs.150136Hs.150749Hs.150793Hs.151573Hs.15159Hs.151777Hs.152292Hs.152531Hs.153322Hs.154276Hs.154495Hs.154654Hs.154704Hs.155247Hs.155591Hs.155597Hs.155644Hs.155651Hs.156289Hs.1573Hs.157429Hs.157872Hs.158195Hs.158300Hs.1584Hs.158932Hs.159223Hs.159297Hs.159448Hs.159628Hs.1600Hs.160411Hs.160556Hs.160562Hs.160786Hs.160871Hs.160953Hs.162646Hs.162757Hs.162807Hs.163484Hs.163867Hs.164060Hs.164226Hs.1644Hs.165950Hs.166017Hs.166120Hs.167017Hs.167584Hs.169002Hs.169246Hs.169249Hs.170009Hs.170355Hs.171695Hs.171995Hs.1722Hs.172550Hs.172631Hs.1735Hs.173724Hs.174050Hs.174249Hs.17441Hs.1755Hs.177841Hs.178023Hs.178098Hs.1787Hs.17908Hs.179718Hs.1799Hs.179986Hs.180878Hs.180919Hs.18160Hs.181768Hs.183109Hs.1832Hs.184085Hs.184926Hs.184927Hs.184945Hs.18676Hs.1872Hs.187338Hs.187946Hs.1892Hs.1897Hs.189772Hs.190495Hs.1905Hs.191911Hs.19192Hs.193717Hs.19383Hs.194143Hs.194236Hs.194333Hs.194695Hs.194783Hs.195040Hs.195659Hs.196384Hs.196952Hs.197029Hs.1976Hs.198998Hs.1992Hs.2Hs.200250Hs.200716Hs.201897Hs.201918Hs.202Hs.202095Hs.202179Hs.2022Hs.202354Hs.202453Hs.202672Hs.20315Hs.203717Hs.20516Hs.207745Hs.208124Hs.209983Hs.21160Hs.212172Hs.212293Hs.212838Hs.213289Hs.214142Hs.2157Hs.2161Hs.218040Hs.219140Hs.2200Hs.220971Hs.2233Hs.223782Hs.224171Hs.2242Hs.2246Hs.224698Hs.2247Hs.2250Hs.2256Hs.2257Hs.22584Hs.225936Hs.226780Hs.227253Hs.227777Hs.227817Hs.22867Hs.2303Hs.231367Hs.232375Hs.2324Hs.234249Hs.234898Hs.2353Hs.235368Hs.235935Hs.23650Hs.237658Hs.238990Hs.23960Hs.2399Hs.241382Hs.241570Hs.244139Hs.244723Hs.24529Hs.247565Hs.247787Hs.247940Hs.247979Hs.248101Hs.248112Hs.248141Hs.248144Hs.248156Hs.248164Hs.248184Hs.2484Hs.248472Hs.2490Hs.249171Hs.249184Hs.249196Hs.249200Hs.249211Hs.249441Hs.249718Hs.250Hs.250083Hs.25022Hs.250615Hs.250666Hs.250822Hs.25155Hs.251680Hs.252229Hs.25292Hs.253197Hs.25348Hs.253495Hs.2549Hs.255093Hs.2556Hs.256126Hs.2563Hs.25647Hs.25960Hs.260074Hs.2624Hs.265174Hs.26770Hs.2681Hs.268177Hs.268490Hs.269408Hs.269782Hs.270279Hs.270364Hs.271771Hs.271940Hs.272396Hs.274313Hs.2780Hs.278432Hs.278957Hs.2795Hs.279567Hs.280604Hs.281342Hs.2820Hs.282265Hs.282624Hs.282735Hs.2830Hs.283565Hs.283613Hs.283749Hs.283923Hs.283963Hs.284244Hs.284712Hs.287717Hs.2879Hs.289271Hs.290404Hs.292177Hs.292356Hs.29344Hs.2936Hs.295449Hs.297413Hs.2979Hs.298280Hs.298658Hs.3003Hs.300774Hs.301540Hs.301804Hs.301865Hs.302002Hs.302145Hs.3022Hs.302740Hs.303649Hs.303980Hs.306178Hs.30956Hs.310893Hs.31210Hs.313Hs.315186Hs.315562Hs.31720Hs.3210Hs.321045Hs.321541Hs.32405Hs.32539Hs.326Hs.326035Hs.32721Hs.327527Hs.32763Hs.32938Hs.329502Hs.331420Hs.332708Hs.333303Hs.333791Hs.334019Hs.334347Hs.33446Hs.334515Hs.334562Hs.335084Hs.335918Hs.339831Hs.34012Hs.34114Hs.34560Hs.346950Hs.347270Hs.348395Hs.348500Hs.348883Hs.348935Hs.349110Hs.349204Hs.349642Hs.350321Hs.350966Hs.351593Hs.351887Hs.352Hs.356285Hs.356624Hs.35937Hs.359698Hs.36Hs.36137Hs.361463Hs.363137Hs.363138Hs.364941Hs.368149Hs.368153Hs.368226Hs.368243Hs.368587Hs.368632Hs.368982Hs.369581Hs.369646Hs.369675Hs.36975Hs.369779Hs.36989Hs.37003Hs.37009Hs.37023Hs.37045Hs.370487Hs.37058Hs.370581Hs.370771Hs.37092Hs.371036Hs.371218Hs.371249Hs.371282Hs.37135Hs.371889Hs.372Hs.372840Hs.372914Hs.374596Hs.374668Hs.374990Hs.375129Hs.375957Hs.376071Hs.37616Hs.376206Hs.377010Hs.377783Hs.377894Hs.37860Hs.380135Hs.380691Hs.381099Hs.386748Hs.387567Hs.388245Hs.389137Hs.389457Hs.389700Hs.391561Hs.395482Hs.396530Hs.397609Hs.397729Hs.4Hs.400295Hs.401013Hs.404466Hs.40499Hs.405153Hs.405348Hs.405662Hs.405925Hs.405958Hs.406Hs.406013Hs.406293Hs.406515Hs.406678Hs.406687Hs.407506Hs.407587Hs.407856Hs.407995Hs.408182Hs.408528Hs.408767Hs.409934Hs.410026Hs.410969Hs.411312Hs.411472Hs.412433Hs.412484Hs.412710Hs.413899Hs.414795Hs.415058Hs.415117Hs.415768Hs.417050Hs.417962Hs.418012Hs.418167Hs.419240Hs.420036Hs.420830Hs.421202Hs.42146Hs.421509Hs.424414Hs.426485Hs.427055Hs.427202Hs.42853Hs.42949Hs.429596Hs.429879Hs.430551Hs.431048Hs.431417Hs.431498Hs.431850Hs.432752Hs.432976Hs.433068Hs.43314Hs.433300Hs.433419Hs.434059Hs.434980Hs.435136Hs.435609Hs.435735Hs.435771Hs.436023Hs.436061Hs.436181Hs.436317Hs.436416Hs.436657Hs.436873Hs.436885Hs.436911Hs.436975Hs.437060Hs.437322Hs.437609Hs.437705Hs.437905Hs.438016Hs.438102Hs.438231Hs.438265Hs.438678Hs.438838Hs.438863Hs.438918Hs.439056Hs.439312Hs.439777Hs.440379Hs.440438Hs.440829Hs.440895Hs.440934Hs.441047Hs.441113Hs.44227Hs.442344Hs.443625Hs.443650Hs.443914Hs.444082Hs.444212Hs.444448Hs.444959Hs.445040Hs.445358Hs.445534Hs.445757Hs.445758Hs.445827Hs.445898Hs.446309Hs.446352Hs.446414Hs.446429Hs.446683Hs.447793Hs.447968Hs.449630Hs.449738Hs.449968Hs.450230Hs.455323Hs.458272Hs.458406Hs.458414Hs.458426Hs.458482Hs.458485Hs.459649Hs.459927Hs.460Hs.460109Hs.460645Hs.461047Hs.461086Hs.463059Hs.46320Hs.463300Hs.464137Hs.464829Hs.465087Hs.465642Hs.465744Hs.465778Hs.465929Hs.467020Hs.467554Hs.467701Hs.468274Hs.46835Hs.468410Hs.468490Hs.469116Hs.469264Hs.470627Hs.471014Hs.471508Hs.472010Hs.472860Hs.473152Hs.473163Hs.473470Hs.473583Hs.474781Hs.474787Hs.475733Hs.476179Hs.476218Hs.476308Hs.477866Hs.477879Hs.477887Hs.478588Hs.479754Hs.479756Hs.480218Hs.481371Hs.482562Hs.48297Hs.483239Hs.483519Hs.483765Hs.484738Hs.485104Hs.485130Hs.485438Hs.4865Hs.486502Hs.487046Hs.487062Hs.488293Hs.489033Hs.489127Hs.489142Hs.489786Hs.490330Hs.491494Hs.491582Hs.492280Hs.492333Hs.494312Hs.494529Hs.494538Hs.494622Hs.495108Hs.495473Hs.495912Hs.495985Hs.496240Hs.496270Hs.497589Hs.497599Hs.498248Hs.498494Hs.4998Hs.499839Hs.50002Hs.500466Hs.500483Hs.500756Hs.501023Hs.501452Hs.501629Hs.501778Hs.502182Hs.50223Hs.502302Hs.502328Hs.502511Hs.502769Hs.502823Hs.502829Hs.502875Hs.503043Hs.503284Hs.503555Hs.503878Hs.503911Hs.504003Hs.504048Hs.504281Hs.504609Hs.504966Hs.505033Hs.505654Hs.505777Hs.505924Hs.50640Hs.506659Hs.506759Hs.507475Hs.507658Hs.508234Hs.508716Hs.508835Hs.508950Hs.509067Hs.510334Hs.510521Hs.510635Hs.511143Hs.511899Hs.512152Hs.512382Hs.512464Hs.512587Hs.512599Hs.512633Hs.512636Hs.512682Hs.512690Hs.512714Hs.513153Hs.513457Hs.513463Hs.513490Hs.513609Hs.513617Hs.513711Hs.513803Hs.513829Hs.513915Hs.514107Hs.514174Hs.514227Hs.514289Hs.514292Hs.514303Hs.514451Hs.514527Hs.514581Hs.514681Hs.514821Hs.515016Hs.515122Hs.515162Hs.515210Hs.515247Hs.515366Hs.515427Hs.515835Hs.515840Hs.516157Hs.516176Hs.516297Hs.516439Hs.516484Hs.516494Hs.516656Hs.516700Hs.516726Hs.516966Hs.517034Hs.517070Hs.517145Hs.517581Hs.517586Hs.517729Hs.517792Hs.517939Hs.518198Hs.518267Hs.518438Hs.518450Hs.518726Hs.518774Hs.518805Hs.518808Hs.519033Hs.519057Hs.519385Hs.519469Hs.519601Hs.519719Hs.519880Hs.519909Hs.520028Hs.520048Hs.520140Hs.520205Hs.520414Hs.520421Hs.520640Hs.520757Hs.520819Hs.520937Hs.520973Hs.520989Hs.521212Hs.521456Hs.521535Hs.521651Hs.522074Hs.522356Hs.522373Hs.522413Hs.522632Hs.522666Hs.522746Hs.522798Hs.522818Hs.522819Hs.522891Hs.523004Hs.523395Hs.523414Hs.523443Hs.523500Hs.523506Hs.523680Hs.523718Hs.523732Hs.523744Hs.523836Hs.523852Hs.523875Hs.524081Hs.524219Hs.524278Hs.524368Hs.524418Hs.524430Hs.524760Hs.524910Hs.525324Hs.525557Hs.525572Hs.527778Hs.527971Hs.527973Hs.528111Hs.528368Hs.528952Hs.529038Hs.529053Hs.529353Hs.529517Hs.529571Hs.529618Hs.529862Hs.530227Hs.530274Hs.530904Hs.531587Hs.531668Hs.531682Hs.531704Hs.532082Hs.532680Hs.532682Hs.532803Hs.533013Hs.533050Hs.533258Hs.533357Hs.533432Hs.533566Hs.534206Hs.534293Hs.534307Hs.534313Hs.534322Hs.534332Hs.534334Hs.534404Hs.534770Hs.535845Hs.535901Hs.536663Hs.53973Hs.544577Hs.54473Hs.546255Hs.546270Hs.546294Hs.546407Hs.546439Hs.54780Hs.549053Hs.551713Hs.55279Hs.553160Hs.554740Hs.554822Hs.557Hs.557550Hs.558308Hs.558314Hs.558318Hs.558334Hs.558396Hs.558950Hs.563344Hs.567245Hs.567252Hs.567280Hs.567303Hs.567319Hs.567641Hs.570791Hs.570855Hs.571037Hs.571841Hs.573143Hs.573153Hs.574026Hs.575083Hs.575782Hs.581632Hs.584801Hs.584804Hs.584823Hs.584884Hs.585357Hs.58756Hs.588289Hs.58974Hs.590872Hs.590892Hs.590921Hs.591148Hs.591159Hs.591241Hs.591251Hs.591336Hs.591346Hs.59138Hs.591382Hs.591400Hs.591402Hs.591430Hs.591484Hs.591486Hs.591588Hs.591654Hs.591742Hs.591802Hs.591834Hs.591847Hs.591890Hs.591928Hs.591940Hs.591944Hs.591945Hs.591969Hs.591980Hs.591983Hs.591993Hs.592049Hs.592123Hs.592130Hs.592166Hs.592227Hs.592244Hs.592290Hs.592317Hs.592324Hs.592338Hs.592490Hs.593413Hs.593928Hs.594444Hs.594481Hs.597656Hs.59889Hs.602898Hs.610926Hs.62192Hs.622865Hs.624Hs.62492Hs.62880Hs.631513Hs.631535Hs.631546Hs.631567Hs.631624Hs.631659Hs.631726Hs.631886Hs.632054Hs.632099Hs.632119Hs.632137Hs.632144Hs.632179Hs.632188Hs.632221Hs.632235Hs.632324Hs.632402Hs.632436Hs.632466Hs.632540Hs.632642Hs.632702Hs.632733Hs.632790Hs.633003Hs.634632Hs.6347Hs.63489Hs.635441Hs.64016Hs.642813Hs.642938Hs.642966Hs.643030Hs.643357Hs.643447Hs.643487Hs.644610Hs.644653Hs.645224Hs.645227Hs.645228Hs.645535Hs.646Hs.647047Hs.647055Hs.647061Hs.647078Hs.647092Hs.647156Hs.647371Hs.647389Hs.647419Hs.647430Hs.647623Hs.648256Hs.648635Hs.649191Hs.652262Hs.652366Hs.653135Hs.65425Hs.654360Hs.654368Hs.654370Hs.654380Hs.654385Hs.654390Hs.654391Hs.654393Hs.654394Hs.654399Hs.654403Hs.654408Hs.654410Hs.654419Hs.654424Hs.654430Hs.654433Hs.654434Hs.654436Hs.654439Hs.654444Hs.654446Hs.654447Hs.654450Hs.654455Hs.654458Hs.654464Hs.654465Hs.654466Hs.654472Hs.654473Hs.654479Hs.654481Hs.654484Hs.654490Hs.654491Hs.654510Hs.654514Hs.654515Hs.654522Hs.654532Hs.654533Hs.654536Hs.654537Hs.654541Hs.654542Hs.654544Hs.654583Hs.654585Hs.654591Hs.654600Hs.654758Hs.654798Hs.654894Hs.654978Hs.654981Hs.655148Hs.655151Hs.655160Hs.655195Hs.655199Hs.655207Hs.655218Hs.655222Hs.655229Hs.655331Hs.655334Hs.655423Hs.655516Hs.655782Hs.655801Hs.655983Hs.656047Hs.656214Hs.656261Hs.656544Hs.656567Hs.656937Hs.656980Hs.65734Hs.657724Hs.657729Hs.658120Hs.658439Hs.658487Hs.658534Hs.658573Hs.658850Hs.659337Hs.659516Hs.659889Hs.660362Hs.661017Hs.661104Hs.661219Hs.661360Hs.662050Hs.663679Hs.664011Hs.664500Hs.664706Hs.66744Hs.667720Hs.670866Hs.673Hs.673853Hs.67397Hs.674Hs.675513Hs.677398Hs.678914Hs.679163Hs.684503Hs.684904Hs.68864Hs.68876Hs.68879Hs.69089Hs.694Hs.695914Hs.696032Hs.697294Hs.699154Hs.699280Hs.699288Hs.699463Hs.7195Hs.72879Hs.72885Hs.72901Hs.72912Hs.72938Hs.7303Hs.73090Hs.73172Hs.73527Hs.73722Hs.73793Hs.73800Hs.73809Hs.73849Hs.73853Hs.73893Hs.73917Hs.73962Hs.74034Hs.74124Hs.744Hs.74471Hs.74615Hs.74647Hs.75093Hs.75160Hs.75189Hs.75262Hs.75294Hs.75527Hs.75599Hs.75615Hs.75640Hs.75643Hs.75703Hs.75799Hs.75969Hs.76111Hs.7636Hs.765Hs.76686Hs.767Hs.76753Hs.76884Hs.77269Hs.77274Hs.77318Hs.77367Hs.77741Hs.77854Hs.78619Hs.78769Hs.78771Hs.78888Hs.789Hs.78960Hs.78977Hs.79101Hs.79334Hs.799Hs.80395Hs.80409Hs.80485Hs.80642Hs.80658Hs.80776Hs.80828Hs.81134Hs.81170Hs.81328Hs.81564Hs.81791Hs.82028Hs.82071Hs.82116Hs.82327Hs.82609Hs.82916Hs.82961Hs.82963Hs.83077Hs.83169Hs.83190Hs.8375Hs.839Hs.845Hs.85258Hs.856Hs.86154Hs.86368Hs.87202Hs.87968Hs.88013Hs.8821Hs.88218Hs.88556Hs.8867Hs.889Hs.89499Hs.89538Hs.89575Hs.89584Hs.89603Hs.89648Hs.89649Hs.89663Hs.89679Hs.89690Hs.897Hs.89890Hs.90791Hs.93177Hs.93485Hs.936Hs.93907Hs.94107Hs.94367Hs.95008Hs.95120Hs.952Hs.95577Hs.95990Hs.96Hs.9731Hs.98255Hs.98586Hs.98788Hs.99348Hs.997Hs.99863Hs.99884Hs.99992

(a) Inferred amplitude matrix

2 4 6 8

0.
00

0.
05

0.
10

0.
15

0.
20

0.
25

0.
30

Samples

R
el

at
iv

e 
S

tr
en

gt
h

Inferred Patterns

● Pattern1 Pattern2 Pattern3 Pattern4 Pattern5

(b) Inferred patterns

Figure 3.4: Results from GAPS on data of simulated gene set data.

3.3 Using CoGAPS-based statistics to infer gene membership in
annotated gene sets

As we describe in the previous section, the GAPS matrix factorization can be used to infer gene set activity
in each pattern using the function calcCoGAPSStat (5). The computeGeneGSProb function extends this gene
set statistic to compute a statistic quantifying the likely membership of each gene annotated to a set based
upon its inferred activity (2). This statistic is formulated by comparing the expression pattern computed
with CoGAPS of a given gene g annotated as a member of G to the common expression pattern of all
annotated members of G. This similarity is quantified with the following summary statistic

Sg,G =

∑
p−log (PrGp) Agp/Asdgp∑

p−log (PrGp)
, (3.3)

where PrGp is the probability of upregulation of the geneset, returned from calcCoGAPSStat as GSActEst

based upon eq. (3.2). Similar to the gene set statistics, p-values for the set membership are computed with
permutation tests that compare the value of Sg,G from eq. (3.3) to the statistic formulated for a random gene
set of the same size that also contains gene g.

The set membership statistic is computed from the results from the GAPS matrix factorization, computed
with either the GAPS function described in Section ?? or the CoGAPS function described in Section 3.2 as
follows:

> computeGeneGSProb(Amean, Asd, GStoGenes, numPerm=500)

Input Arguments

Amean Mean of the amplitude matrix estimated from the GAPS matrix factorization

Asd Standard deviation of the amplitude matrix estimated from the GAPS matrix factorization
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GStoGenes List or data frame containing the genes in each gene set. If a list, gene set names are the list
names and corresponding elements are the names of genes contained in each set. If a data frame, gene
set names are in the first column and corresponding gene names are listed in rows beneath each gene
set name.

nPerm Number of permutations used for the null distribution in the gene set and set membership statistics.
(optional; default=500).

Function Output

p-value of set membership for each gene specified in GStoGenes.

3.3.1 Example on GIST Data

Although not run in the interest of installation time, the following examples were used to generate some of
the results in (2), with the complete analysis code available from http://astor.som.jhmi.edu/~ejfertig/

ejfertig/Publications.html.
This example refines transcription factor targets annotated in TRANSFAC (TFGSList) to identify

context-specific targets from gene expression data (GIST TS 20084)from (5).

> # define transcription factors of interest based on Ochs et al. (2009)

> TFs <- c("c.Jun", 'NF.kappaB', 'Smad4', "STAT3", "Elk.1", "c.Myc", "E2F.1",

+ "AP.1", "CREB", "FOXO", "p53", "Sp1")

> # take the results from the previously run analysis

> # set membership statistics

> permTFStats <- list()

> for (tf in TFs) {

+ genes <- levels(tf2ugFC[,tf])

+ genes <- genes[2:length(genes)]

+ permTFStats[[tf]] <- computeGeneTFProb(Amean = results$Amean,

+ Asd = results$Asd, genes)

+ }
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Chapter 4

Feedback

Please send feedback to Elana Fertig ejfertig@jhmi.edu or Michael Ochs ochsm@tcnj.edu.
If you want to send a bug report, please first try to reproduce the error. The code is stochastic and we

have seen many transient errors arising in the boost libraries which rarely repeat. Send the data and please
describe what you think should have happened, and what did happen.
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